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Abstract
Background
Our daily activities imply displacements on various types of soil. For persons with gait disorder or losing functional autonomy, walking on some types of soil could be challenging
because of the risk of falling it represents.

Methods
In this paper, we present, in a first part, the use of an enactive shoe for an automatic differentiation of several types of soil. In a second part, using a second improved prototype (an enactive insole), twelve participants with Parkinson’s disease (PD) and nine age-matched controls
have performed the Timed Up and Go (TUG) test on six types of soil with and without cueing.
The frequency of the cueing was set at 10% above the cadence computed at the lower risk of
falling (walking over the concrete). Depending on the cadence computed at the lower risk, the
enactive insole activates a vibrotactile cueing aiming to improve gait and balance control.
Finally, a risk index is computed using gait parameters in relation to given type of soil.

Results
The frequency analysis of the heel strike vibration allows the differentiation of various types
of soil. The risk computed is associated to an appropriate rhythmic cueing in order to
improve balance and gait impairment. The results show that a vibrotactile cueing could help
to reduce the risk of falling.

Conclusions
Firstly, this paper demonstrates the feasibility of reducing the risk of falling while walking on
different types of soil using vibrotactile cueing. We found a significant difference and a significant decrease in the computed risks of falling for most of types of soil especially for
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deformable soils which can lead to fall. Secondly, heel strike provides an approximation of
the impulse response of the soil that can be analyzed with time and frequency-domain modeling. From these analyses, an index is computed enabling differentiation the types of soil.

Introduction
Falls are an important cause of morbidity and mortality in elder people. Approximately onethird of community-dwelling adults aged over 65 years experience at least one fall every year
and 75% of people with Parkinson’s disease (PD) are subject to an increased risk of falling [1].
Because of the problems that they lead to, many programs have been created in order to prevent
accidental falls. As pointed out by Filiatrault et al. [2], to be effective, these programs have to target multiple factors that contribute to the risk of falling. In this state of mind, several programs
have coupled the practice of physical exercises to the analysis of balance, postural instability and
gait. Previous research efforts have focused on vision control, hearing and blood pressure while
others have taken all these factors and several others into account [3]. Even though noticeable
advancements in this domain, it seems that no program has yet offered an on-site assistance to
the user while considering his environment. We think that recent technological achievements
can be exploited in order to assist a frail user such as a person with PD in situations that can represent a certain risk of falling. To achieve this goal, one of the first requirements is to perform
the automatic differentiation of several types of soil which are part of the user’s environment.
This idea comes from the domain in mobile robotic where analysis of terrains is crucial for
autonomous control and decision making. Weiss et al. [4] concluded that numeric vision and
vibration of the robot’s chassis are combined to decide whether the land can be safely crossed
or not. In the same way [5], vibration analysis is coupled with a method labeled Terrain Input
Classification on a powered electric wheelchair, to improve the control of the wheel. In locomotion, legged robots also use classification of terrain for control gait adaptation [6]. In the same
order of ideas, loping body motion (i.e. gait bounce) is used with a limb/terrain interaction
model for terrain discrimination [7]. Hoepflinger et al. [8] used multiclass AdaBoost classifier
for terrain shape (concave and convex) and terrain surface (abrasive paper) classification
implemented in a quadruped robot. However, the above mentioned methods are not adapted
for terrain discrimination in the case of a human walker. Then, our research work proposes an
enactive shoe that will help at discrimination physical properties of the soil. As mentioned previously, this effort is one the first requirements for the realization of on-site assistance aimed at
preventing accidental falls.
The prevention of falls represents a major challenge which has been widely studied on frail
elderly and pathological population in the past years [9]. The falls induced a kinesiophobia
(fear of falling) by reducing the functional autonomy. Since the research works in this study
focuses on a method to avoid falls, it is therefore necessary to compute a risk of falling level in
healthy elderly and PD subjects which represents a potential threat to a fall. Here, we analysis
in the literature: 1) the evaluation regarding a risk of falling while covering a clinical test such
as the Timed Up and Go (TUG) and 2) the use of enactive shoe or insole in the prevention of
accidental falls.

Risk of falling evaluation
Previous research efforts showed that the risks of falling depend on several factors such as: (1)
variations in measured parameters of gait, (2) the environment mainly characterized by the
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type of soil on which the user is walking, (3) human factor (awareness of environment), and
(4) neurological deficits. The next sections briefly describe two of these factors to select an
appropriate method of computing the risk of falling embedded in a microcontroller.
The first factor related to our work regarding the evaluation of a risk of falling concerns the
gait parameters: Hamacher et al. [10] concluded that linear variability of temporal measures of
stride, swing and stance time are the most significant parameters in distinguishing between
fallers and non-fallers. An implementation model of this risk computation was successfully
demonstrated by Noshadi et al. [11]. However, these studies do not consider the environment
of the walker. Indeed, the variability of the gait parameters was previously demonstrated as a
function of the soil properties and footwear [12] and also for low friction walkway [13] and
movable platform [14]. It is also known that the type of soil can affect the gait [15]. Moreover,
some studies relate the effects of unstable surfaces such as rocks [16] and hill transitions [17]
on the gait parameters. The walker’s environment has a significant impact on the risk of falling.
The first risk to assess in the user’s environment is the type of soil. It appears that a soil differentiation algorithm will allow us to evaluate potentially dangerous situations inside the walker’s
environment. The second factor concerns the human factors: When an analysis is only conducted on the gait regardless of the surrounding environment, it is necessary to determine the
current activity of the walker and its associated normal parameters fluctuations. In this particular situation, it should be possible to calculate a risk of falling level when parameters deviate
from a precomputed normal trend. The design of such an algorithm for all daily activities is
still an undergoing issue. However, there is a more straightforward way to analyze the risk of
falling level: human factors. These factors include, among others, visual issues for perception of
falling hazards [18]. This issue comes from the difference between the current measurements
of friction and the psychophysical perception of friction [19]. In fact, it is known that a walker
can perceive some material properties under the foot while walking [20]. Tactile information
like vibrations may be used to perceive material properties such as texture [21], roughness,
compliance and friction [22]. However, vision and audition could influence on the tactile perception and any coarse evaluation of a slippery surface could increase the risk of falling [23,
24]. Others factors such as cognitive or attentional process have not been considered in this
paper.
The ability of the user to maintain balance in ordinary daily living activities is often evaluated by the Berg Balance Scale [25], Tinetti Balance Assessment Tool [26] or Timed Up and Go
test [27]. In the next subsection, we covered the clinical test used in this study: the Timed Up
and Go test.

Timed up and go test (TUG)
Previously named the “Get-up and Go test”, the Timed Up and Go (TUG) test modifies the
original test by adding a timing component to performance. The TUG test measures mobility
in elderly people [27, 28] and is considered as a reliable tool for quantifying not only the locomotor performance but also the mobility among persons with PD [29–31]. This test requires
an individual to stand up from a chair, walk three meters, turn around (180 degrees), walk
back to the chair, and sit down again. In normal conditions, the researchers hypothesize that
neurologically sound adults who are independent in balance and mobility skills are able to perform the test in less than 10 seconds. Participants who take more than 16 seconds to complete
the test are associated with increased risk of falling in the activities of daily living [32].
Since several factors are related to balance issues and can lead to fall, this paper suggests
using the physical properties of the soil and an individual aid implemented in the insole of a
shoe to enhance perception of falling hazards and maintain balance. In past works, our

PLOS ONE | DOI:10.1371/journal.pone.0162107 September 7, 2016

3 / 26

Reducing the Risk of Falling on Different Types of Soil Using Vibrotactile Cueing for the Elderly

laboratory designed a serious game which used an enactive insole in order to train balance of
walker [33]. What follows reviews the enactive insoles/shoes that have been proposed in the
past and also the use of cueing.

Enactive insole or shoe for gait improvement
Typical enactive shoes use the sensors inside the sole to analyze the user’s gait. As shown by
Magaa et al. [34], over the past decade, several types of shoes or insole featuring data acquisition and/or vibration transmission capabilities have been developed. Instrumented shoes with
wireless capabilities demonstrated the feasibility of walking parameters computation such as
heel-strike, toe-off, foot orientation and position [35]. Some factors associated to a risk of falling were analyzed and a risk factor index was computed with eight walking parameters such as
pressure correlation, step time, cadence and stance-to-swing ratio [11]. Recently, a smartphone-based system has proved to be an effective tool for showing clinical tests parameters at
home [36]. Indeed, a smartphone software with instrumented shoe have been used to provide
on-site assistance to a user using a serious gaming [37] and to train balance over different types
of soil [33]. However, much of these works have been aimed at rendering symbolic information
(i.e. directional indicator, encoded message) rather than conveying ecological stimulus [38]. In
the field of interactive shoes, an instrumented shoe was proposed by Paradiso et al. [39] for gait
characteristics acquisition while being enabled with a sound feedback for dance performances.
Samsung Electronics was also interested in dance training with a patent presented by Kim et al.
[40]. Recently, an instrumented shoe dedicated to analyzing and maintaining the balance via a
single-frequency vibrotactile feedback was presented by Shieh et al. [41].
In this line of thoughts, other studies demonstrated that improvements of spatiotemporal
gait pattern can be obtained with the use of an appropriate stimulation such as auditory, visual
or vibrotactile cueing [42]. In this paper, we consider the case where only a rhythmic vibrotactile is sent back to the user. Previous studies proposed the use of a vibrating neurofeedback system [43, 44] or a miniature vibrating apparatus [45], that were composed of sensor and
stimulation components. The sensor elements consisted in an inertial measurement unit placed
at shank to detect freezing of gait (FOG) episodes with the embedded time-frequency analysis
algorithm. The stimulation part was a vibrator pad placed below the lateral malleolus, to facilitate lateral weight shift during FOG. Their results showed that the real-time somatosensory cue
could help gait re-initiation by facilitating lateral weight shift during FOG. The shortened FOG
duration decreased the turning time in people with PD. However, the effects of somatosensory
cueing in their work have been reported only in a gait initiation task and were only reported to
improve the timing and movement outcome of gait initiation. Their evaluation did not take
into account everyday life activities, medication or environmental perturbations of the user.
These parameters are well known in the study of walking balance and are discussed by Ganz
et al. [1].
In the light of all this, to the best of our knowledge, no study has investigated the impact of
types of soil and an appropriate cueing in the computation of risk of falling. Our research
addresses this throughout an enactive shoe that let to determine the type of soil that a person is
walking on. For this, we analyze vibrations and forces under the feet and use these data to discriminate soil physical properties. The vibrations of the soil are acquired from each heel strike
performed in a first experiment. After the differentiation of the terrain, if a certain level of risk
is detected (such as presence of a top-layer of water on ice), an appropriated stimulus could be
conveyed fastly to the user. The stimulus may be vibrotactile [46], mechanical (adaptation of
the sole stiffness in function of the activity [47]) or variation of the adherence or friction under
the sole [48]. In the same way, in the case of cadence decrease, a rhythmic vibrotactile feedback
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can be rendered. Here, in a second experiment, we investigate the use of a rhythmic vibrotactile
feedback to help person with PD at maintaining their cadence. The rhythmic vibrotactile is
sent at a frequency of 10% above the cadence computed over the lowest risk soil (the concrete).
The choice of haptic (vibrotactile) as the mean of communication is based on the fact that
elderly often can have hearing and/or visual problems and probably peripheral sensory
impairment like proprioception [49]. Moreover, the haptic channel seems to be quite appropriate for communicating information since it offers a suitable medium and more safety when
recipients are engrossed in a primary visual and/or auditory task [50]. In addition, the vibrotactile feedbacks have repeatedly demonstrated their effectiveness in correcting sway and balance
of walkers [46, 51–56].

Materials and Methods
In spite of many remarkable achievements, fall prevention programs currently fail to provide
on-site assistance to users. Smartphones have received a lot of attention in the domain of home
physiognomic monitoring. Among other things, they are now employed in public health surveillance through wireless health sensors [57] and can be used in telemedicine (emergency
health care, intensive care patients monitoring and home telecare) [58]. This trend promotes
the presence of a mobile interface combined to the smartphone in order to provide personalized assistance in real-time. Our proposed system is centered around an enactive device driven
by a real-time system running on a smartphone. This device will serve for gait disorder analysis
and for long term monitoring of persons in loss of mobility.

Electronic hardware of the enactive shoe
The enactive shoe (Fig 1) employed in this project contains an actuator (vibrating motor) and
several sensors such as a three-axis accelerometer, FSR force sensors and a bending variable
resistor. All these components are located in the sole of the enactive shoe. A schematic of this
sole is presented in Fig 2A. The Fig 2B also presents a schematic of the enactive insole used. In
order to characterize physical properties of the environment like vibrations of the soil at heel
strike, the accelerometer and the force sensors help measuring vibrations at heel strike. In contrast with terrain classification achieved by a rover (in mobile robotic application) where the
accelerometer is located in the frame of the robot such as presented in [59], the accelerometer
in this enactive shoe is located directly between the force applied by the whole human body
and the soil inside the rigid part of the heel (Fig 2A). In consequence, the scope of this study is
limited to the analysis of heel strikes. Any other interactions (such as movement at the surface
of the soil) will not be considered for this research work. The bending variable resistor measures the deformation of the sole in order to acquire more insights during the propulsion phase
of the gait. These sensors are mainly used to evaluate a risk of falling leading to an activation of
the vibrotactile actuators as a biofeedback cueing. Indeed, the vibrotactile actuator is activated
to introduce a rhythmic walking or when the risk increases over a reference such as a normal
walking on the concrete (baseline) or any other similar soil.
The sensors of the enactive shoe or the enactive insole are acquired using the electronic
board shown in Fig 3. It contains an analogic to digital converter (ADC) and has Bluetooth
capabilities. The microcontroller embedded in the device is a PIC 24 (16 bits architecture)
from Microchip. The risk level should be computed by the PIC microcontroller and transmitted via Bluetooth (local telecommunication) to an Android Smartphone where the data is
logged and analyzed in real-time. More details about the electronic hardware and operations
are provided in the paper [60].
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Fig 1. Enactive shoe prototype.
doi:10.1371/journal.pone.0162107.g001

A preprocessing algorithm is applied on the acceleration waveforms acquired at each heel
strike before the differentiation of soil physical properties and the computation of a risk of falling. If both the soil properties and the gait are found to be potentially dangerous and could be
lead to a risk of falling, a signal is sent back to the walker which uses an icon synthesis algorithm to transmit adequate rhythmic vibrotactile cues to the walker. Each vibrating actuator is
activated by a Pulse Width Modulation (PWM) signal using a rhythmic pattern. The rhythmic
pattern is computed using 10% above the cadence of the walker at the instant before the risky
situation. The 10% above the cadence is used to increase the difficulty of walking, the capacity
of decoding sensory messages for central nervous system and probably to pay more attention
(cognitive) at the stimulation. The ideal frequency of stimulation has yet to be fully defined,
but it is known that auditory cues ranging from 90% to 125% of preferred cadence have shown
benefit in terms of gait velocity [61–64], stride length [61, 64–66] and cadence [61–64, 66]. In
addition, Moreau et al. [67] who used higher auditory frequencies (20% and 40% above the preferred walking cadence) have found an increased of freezing of gait in PD subjects. Then, the
use of 10% in this study is based on frequency suggested by the literature.

Automatic differentiation of types of soil using the enactive shoe
Based on works regarding terrain analysis in mobile robotic, in this section we use the accelerometer inserted in the heel of the enactive shoe in order to differentiate several types of soil.
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Fig 2. Location of the sensors and the actuator. (A) the sole of the enactive shoe. (B) the enactive insole.
doi:10.1371/journal.pone.0162107.g002

The acceleration of the heel is recorder at a sampling frequency around 1KHz. After that, the
type of soil can be associated to an index enabling its differentiation. In the second experiment,
using the enactive insole, it will be possible to associate a risk of falling for each type of soil and
then try to reduce this risk using a vibrotactile cueing.

Fig 3. Electronic hardware of the two devices used in this study.
doi:10.1371/journal.pone.0162107.g003
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Fig 4. Thirteen heel strikes and acceleration measurements of the soil vibration.
doi:10.1371/journal.pone.0162107.g004

Experimental conditions. Hypothesis: We hypothesize that the accelerometer inserted in
the heel of the shoe can serve for the differentiation of several types of soil. The physical properties of the soil should be reflected in terms of vibrations that occur between the sole of the
shoe and the soil. Therefore, using the accelerometer, we should be able to measure the difference of the physical properties. In other words, using our enactive shoe, we will be able to differentiate from soils having different physical properties. Six types of soil were used for this
first part of the experiment.
Types of soil: For an efficient measurement of the soil’s reaction, the heel should have nearly
the same stiffness as the harder material to identify. In other case, the measurement will be coupled with the elastic deformation of the heel (equivalent stiffness and damping of the heel). We
choose to compare five granular soil types: broken stone, stone dust, sand, ice and snow; which
can be considered as the same soil class. To analyze the effect of the heel, we compare these
granular soils with concrete. Indeed, concrete may be seen as having infinite inertia with a
non-dominant time-response compare to the heel’s time-response.
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Fig 5. Segmentation of the acceleration signal with signal filtering.
doi:10.1371/journal.pone.0162107.g005

Experimental procedure: The man for who the shoe had been designed is aged of 36 years
old, 72 Kg and has no gait disorder. He wore the shoe for the experiment. On each of the six
types of soil, he achieved thirteen steps one after the other (see Fig 1). During this experiment,
for each step, data coming from the accelerometer and the force sensors were recorded and
transmitted using the Bluetooth communication link.
Data measured from the enactive shoe. Fig 4 shows the acceleration logged for the six
types of soil. Visual inspection indicates a noticeable difference between the graphs. This difference is explained by the fact that data (the vibrations) measured by the accelerometer represent
the variation of the impact force between the shoe and the soil. These variations are related to
the physical properties of the soil. For the deformable soils (composed of multiple grains) these
properties are characterized by different parameters. For example one can quote: the size of a
grain and its geometry, the grain density (space available between the grains) and the corresponding rheological model of the soil. These physical properties allow the grains to move
when the foot applies a force. During movement of the soil, the friction between these grains
generates vibrations. Therefore, these vibrations are a time-response of the physical properties
of the granular soil excited by the applied force. These vibrations during the heel contact,
which is similar to an impact response, are measured by the accelerometer and are shown in
Fig 4. All this explains the differences observed between the five other graphs. As opposed to
the others, the concrete is a non-deformable soil. We thus understand that the vibrations corresponding to the impact with this model are different from the previous ones. These measurements come from the same accelerometer in the Z-axis located in the sole. The offset on each
measurement for Fig 4 is only to facilitate the reading of each separate signal. From this database (data collected during the test), we suggest an automatic process embedded in the microcontroller that will help us at automatically differentiating these types of soil. This treatment
counts two main steps. After the differentiation, a corresponding risk is computed and then a
rhythmic vibrotactile cueing is sent to the walker with the help of the actuator located in the
insole.
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Fig 6. Results of the segmentation for the acceleration waveform of the sand.
doi:10.1371/journal.pone.0162107.g006

1. Acceleration segmentation and preprocessing: Through the previous section, we have noted
that waveforms recorded could be associated with physical properties of the soil. To automatically differentiate these waveforms, they are first preprocessed (see Fig 3) throughout a
four steps algorithm as shown in Fig 5: identification of the beginning and the end of the
heel impact on the soil, zeros padding to obtain 2n data points (for the short-time Fast Fourier Transform or STFT), windowing with a hamming curve and finally filtering with polynomial smoothing filter Savitzky-Golay. The beginning and the end of the heel strike have
been found with the FSR force sensor located under the heel. Fig 6 shows the result of the
preprocessing for the acceleration segmentation on thirteen steps coming from the interaction with the sand (the offset on each measurement is also applied for Fig 6). For each step,
an index is computed for the differentiation of the soil’s physical properties.
2. Differentiation index computation: After the preprocessing, the challenge consists in computing an index that can differentiate the physical properties in real time. For this, we first
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Fig 7. Absolute mean ST-FFT of thirteen acceleration measurements.
doi:10.1371/journal.pone.0162107.g007

use Fast Fourier Transform (FFT) to convert each acceleration waveform coming from
preprocessing (as shown in Fig 6) from time domain to the frequency domain. Fig 7 gives
the mean absolute value of the FFT for one foot contact. Thereafter, we compute the centroid of the spectral response. To avoid computational burden, polynomial center is computed along abscissa and ordinate and then divided by the area of the spectral response.
This operation may be labeled spectral centroid and is noted by the coordinate
^x ¼ ðSx ; Sy Þ. The centroid of a set of n points masses mi located at position xi is computed
using:

Xn
^¼
X

Xi¼1n

mi xi

i¼1

ð1Þ

mi

Pn
i¼1 xi
^
P
with mi ¼ m ¼ 1
X¼
n
i¼1 mi

ð2Þ

Fig 8 shows the final result of this computation process. Each data point represents one heel
strike. It should be noted that a region of exclusion was defined around a mean response to
eliminate outliers. The region of exclusion is defined by the boundary of the figure, which
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Fig 8. Centroid positions for some signal waveforms frames.
doi:10.1371/journal.pone.0162107.g008

corresponds to 50 along the abscissa and 8 x 10−4 along the ordinate. As observed in Fig 8, each
impact response for a specific soil seems to show a tendency to cluster in a certain region.
Using this approach, it has been possible for us to define six clusters to associate each region to
a specific soil. Similar analysis using classification techniques was previously done for mobile
robotic in [5, 68]. Note that such classification algorithms give a misclassification rate between
1 to 5% in laboratory setup and up to 20% in real conditions.
To improve the detection rate, this paper proposes to use features known in the field of
human activity recognition in addition to the previously mentioned FFT centroid approach
[69]. These features are, among others, statistical parameters such as mean, standard deviation,
variance, and finally the kurtosis function. Computing a level L for the soil differentiation is
achieved by weighted Wi sum of features Fi as follows:
L¼

Xn
i¼0

Wi Fi

ð3Þ

An optimization is performed in order to find the best weight values Wi and the best feature
combinations. This optimization is equivalent to what is performed in learning algorithm for
artificial intelligence. The optimization tries to increase the distance between each level represented in Fig 9. The threshold for the differentiation is then computed using the distance of the
mean value between each given soil.
Six regions were defined from the differentiation method that could correspond to a risk of
falling level. We hypothesis that the risk of falling, associated with a type of soil depends on its
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Fig 9. Soil differentiation for each heel strike.
doi:10.1371/journal.pone.0162107.g009

physical properties. For example, walking on dry concrete correspond to the lowest risk level
while walking on soft sand increases the risk to a higher level.
The next section presents the methodology for assessing the risk of falling over different
types of soil using a clinical test (the Timed Up and Go test). In this part of the study, the types
of soil used are: concrete, parquet, two types of carpet (carpet living room and carpet foam),
sand and broken stone. These types of soil are selected because they are frequently encountered
in domestic environment.

Risk of falling evaluation using the enactive insole
All the tests were performed in the Laboratory of Automation and Intelligent 3D Multimodal
Interaction (LAIMI) at University of Quebec at Chicoutimi. We present first the population
involved in this study. Thereafter, the experimental methodology is detailed.
Participants. This study was approved by the local Ethical Committee of University of
Quebec at Chicoutimi (certificate number 602.434.01) before the beginning of the measurements. All subjects were first informed about the goal of the study and gave their written consent before participation. Twelve persons with Parkinson’s disease and nine age-matched
controls have participated. Persons with PD were recruited from Parkinson Society of Saguenay. Age-matched controls were spouses or kinships of participants with PD. Controls subjects
were physically active and without musculoskeletal or neurological disorders. Table 1 presents
ages, duration of the Parkinson’s disease, total motor UPDRS, drugs taken and others clinical
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Table 1. Demographic and clinical characteristics of subjects.
Variables

PD subjects Mean ± SD (Range)

Healthy subjects Mean ± SD (Range)

No. of subjects

N = 12

N=9
66.8 ± 8.0 (57–77)

Age (yrs)

67.7 ± 10.07 (53–77)

Male/Female

10M /2F

1M / 8F

Height (cm)

169.5 ± 21.5

146.6 ± 21.76

Duration of the disease (yrs)

10.67 ± 6.05 (1–20)

——

Hoehn and Yahr scales

2.5 ± 0.88 (1–4)

——

Taking of medication

11/12 (mainly Levodopa)

——

Total UPDRS score

43.42 ± 14.9 (16–72)

——

UPDRS motor score

20.6 ± 6.5 (9–31)

——

TUG time in sec (on concrete)

12.7 ± 1.99 (8–17)

8.9 ± 0.89 (7–10)

Fear of falling

33.83 ± 14.75 (16–57)

——

PDQ-39

53.58 ± 29.9 (70–116)

——

doi:10.1371/journal.pone.0162107.t001

characteristics. All subjects with PD were scored between 1 to 4 in Hoehn & Yahr scales. PD
and controls subjects did not differ by age (p > 0.05).
Experimental procedure. The procedure was performed as follows:
1. In the first part, the tests with PD subjects were conducted by a physical therapist, (specialized in PD assessment and treatment), one subject at a time, and were constituted of: 1)
Unified Parkinson's Disease Rating Scale (UPDRS), 2) Falls Efficacy Scale (FES), an instrument to measure fear of falling, and 3) Parkinson’s Disease Questionnaire (PDQ-39) to
assess the quality of life (see the results in Table 1).
2. In the second part, an enactive insole (Fig 10, see also S1 and S2 Figs) was placed in the subject’s shoe. The schematic of this prototype is presented in Fig 2B. The Fig 11 shows the
setup of the experimentation. For the subjects with PD, the tests were performed during the

Fig 10. The enactive insole used in the second experiment.
doi:10.1371/journal.pone.0162107.g010
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Fig 11. Set up of the experimentation in LAIMI's laboratory.
doi:10.1371/journal.pone.0162107.g011
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peak medication (without presence of freezing of gait). After few familiarization trials, all
participants performed the recorded walking trials across three meters. Firstly, the subject
was asked to walk along a corridor (Fig 11) by performing the TUG test without cueing. A
user-friendly interface was designed on an Android device in order to acquire the cadence
of each participant by using the data of FSR and accelerometer sensors. From the two initial
and sometimes more baseline walking trials (walking over concrete without cueing), an
average value for preferred walking cadence was determined for each individual by the
Android application. This was used to calculate the +10% rhythmic vibrotactile cueing frequency. Secondly, participants performed two trials under vibratory stimulation condition
at 10% above baseline cadence over each type of soil (concrete, parquet, broken stone, sand,
carpet living room and carpet foam) for a total of twenty-four trials for the two conditions.
The tactile stimuli were delivered in pulses of fifty (50) ms during the TUG test. Participants
were given as much time as they wished to rest between trials, and fatigue did not appear to
limit balance and gait control. The presentation order of the type of soil was randomized for
each participant. Due to mechanoreceptor dysfunctions, some participants reported being
unable to feel the vibrotactile stimulation (one of healthy elerdly and five PD subjects)
resulting in the rejection of their results.
Computing the risk of falling. Signal processing and the detection of tasks included in
TUG test were performed by using an automated algorithm. This section presents first the data
acquisition and the TUG signal segmentation. Then the gait parameters computed and the risk
of falling assessment are presented.
1. Data acquisition and segmentation of TUG signal: The data of each phase are sent via Bluetooth to the Android application at a rate of 100 Hz in real time. We developed an automated algorithm to segment the phases of the TUG test: 1) the beginning of the test which is
coincident with the beginning of the sit-to-stand phase; 2) the beginning of the walking
phase, which is coincident with the end of the sit-to-stand phase; 3) the turning phase; and
the end of the walking back phase, which is coincident with the beginning of the stand-tosit phase; 4) the end of the test, which is coincident with the end of the stand-to-sit phase.
2. Gait parameters: After the segmentation, the sensor waveforms allow the detection of the
number of steps performed by each participant. The number of steps performed was determined by taking the walking portion of the TUG test. The walking portion is from the end
of the sit-to-stand task until the start of the stand-to-sit task. It is known that during walking, a specific pattern of acceleration signals is repeated in each step. The number of steps
was taken as the number of peaks in the acceleration signal [70]. Steps counted in acceleration signals were validated against the steps counted from the FSR sensors signals. After the
step detection, the algorithm calculates all gait parameters needed in the risk of falling computation. The gait parameters computed in this study have been chosen according to the
most used in the literature [71–74] which are: walking speed, instantaneous cadence and
stride length. The stride length (SL) was determined using the relation suggested in [75, 76]:
SL ¼ 0:98 

qﬃﬃﬃﬃﬃﬃﬃﬃﬃﬃﬃﬃﬃﬃﬃﬃﬃﬃﬃﬃﬃ
ﬃ
XN
3
a
=N
i¼1 i

ð4Þ

Where N is the number of samples, ai is the mean of acceleration during the time of the
stride. The stride length is calculated using the ﬁltered signal and can be estimated as a distance travelled during the test.
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3. Risk of falling computation: In order to estimate a risk of falling in uncued or vibrotactile
condition, we used the Coefficient of Variation (CV) of each instantaneous gait parameter
as suggested in [77]. This coefficient described by Gabell and Nayak [78] is expressed by:
CVj ¼ 100 

sj
Mj

ð5Þ

where σj and Mj are respectively the standard deviation and the mean of the gait parameter j.
It is known that a faller exhibits a greater Coefficient of Variation (CV) than a non-faller or
compared with a young adult [71, 79]. Indeed, musculoskeletal deficits or Parkinson’s disease
causing irregular gait may explain the greater coefficient of variation observed among fallers.
Also, we note that a greater dispersion in the gait parameters corresponds to a greater coefficient of variation. Finally, we have computed a risk of falling based on the results suggested by
Noshadi et al. [80] for instability assessment. For better clinical assessment tests, the goal was
to combine the most significant gait parameters into a single score. The proposed risk of falling
is expressed in Eq (6).
Risk ¼ a  ðCVcad þ CVSL Þ

ð6Þ

Where α represents the coefﬁcient attributed to the variability of the gait feature (cadence and
the stride length). This coefﬁcient can be set by physicians, clinicians and domain export to tailor the instability assessment to best ﬁt the individual patient [11]. In our study, this coefﬁcient
is inversely proportional to the walking speed value (the value without unit). CVcad and CVSL
are respectively the Coefﬁcients of Variation of cadence and the stride length.
Human perception of the risk of falling. After the TUG test, each participant was questioned about the type of soil that induced a perception of risk of falling while walking in the
uncued situation.
Statistical methods. Data analysis was performed using the software PRIMS-5 by Graph
Pad Co San Diego USA including descriptive statistics. The risk of falling and TUG time
(dependent variables) in uncued and rhythmic vibrotactile conditions were analyzed using a
one-way analysis of variance (ANOVA 1) for each group (PD subjects, control) across the
types of soil (the independent variable). A student “t” test for independent samples was used to
compare the two groups. The risk of falling was also compared between groups and across conditions (with and without cueing) using two-way analysis of variance. Pairwise comparisons
identified significant differences between conditions, and Bonferroni corrections were used
during all analyses. Statistical significant was set at the 95% confidence level (p < 0.05).

Results and Discussion
In all figures below, the mean values are reported. The errorbars indicate the standard deviation (SD). As shown in Figs 12 and 13A, increased TUG time and risk of falling were observed
among the PD subjects compared to controls subjects in the uncued situation. For the TUG
times, the t-test showed a significant difference between these two groups (p < 0.05). In the
most types of soil, a significant difference was found as far as the risk of falling is concerned
(Fig 13A, p < 0.05) except over the sand and carpet living room where p > 0.05. In rhythmic
vibrotactile condition (Fig 14), by using the t-test between the two groups, no significant difference was found in the most types of soil for the risk of falling (p > 0.05) except over the sand
and carpet foam. However, a decrease in the risk of falling level has been observed over these
two types of soil (as shown in Table 2), meaning that our suggested system could help reducing
the risk of falling compared to the uncued situation in Fig 13A. Moreover, the two-way analysis
of variance is performed in order to detect any interaction effect between groups and
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Fig 12. TUG time (mean ± SD) among PD and healthy subjects over different types of soil in uncued
condition. Note: # denotes a significant difference between the PD and control groups. The p-values (p < 0.01)
indicate a significant difference between the types of soil for the PD participants or controls subjects.
doi:10.1371/journal.pone.0162107.g012

Fig 13. Risk of falling (mean ± SD) over each type of soil in uncued condition. (A) from gait parameters. (B) from questionnaire:
percentage of participants who perceived a risk of falling. Note: # denotes a significant difference between the PD and control subjects and,
* denotes a non-significant difference between the two groups.
doi:10.1371/journal.pone.0162107.g013
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conditions (with and without cueing). It shows that the difference in means of the two conditions was significant at 0.05.
This study demonstrates the possibility of using vibrotactile cueing to reduce the risk of falling in elderly while walking in unknown environment. But first, we have differentiated using
an algorithm the types of soil in the walker's environment.

Discussion on the type of soil differentiation
Looking at Fig 8, we observe that some of the stone dust spectral centroids are situated outside
of their associated cluster. One may note that this soil, is the most deformable among the six
types experimented. Considering that the response of soil vibrations depends on the force
applied by the foot, we suppose that the soil deformation changes the foot orientation and thus
changes the force distribution under the foot. Similar observations were found in [15]. This
variation in the force distribution generates an unpredictable response of the soil. It is therefore
possible that several spectral centroids are found outside their respective cluster. In order to
improve these first results, some features computations are incorporated to the algorithm. The
results shown in Fig 9 demonstrate an accurate differentiation of the soil physical properties.
Our results show, with ST-FFT centroid alone, a detection rate of 77% and are improved to
99% when adding level L coming from the weighted sum of the features.

Discussion on the computed risk of falling
PD subjects have a greater TUG time and risk of falling than the controls subjects in the uncued
condition (Figs 12 and 13A). This result is consistent with our expectations. This is explained by
the quality of afferents of sensorimotor stimulation or the Parkinson’s disease process causing
irregular gait and a greater coefficient of variation. Also, the soil physical properties increase the
dispersion in the coefficient of variation of gait parameters and then increase the risk of falling.
Thereby, the effect of rhythmic vibrotactile cueing may be beneficial as suggested by Galica et al.
[44]. Looking at Fig 14, we can show that rhythmic vibrotactile applied to the soles of the feet
during the gait cycle in the TUG test can reduce and regulate the gait variability and then the
risk of falling in unknown environment. Similar observations were found in [44, 71, 81] but
with one type of soil or by using another cueing such as auditory and/or visual. The increase
risk of falling observed over the rigid surfaces (Table 2, Fig 14), compared to uncued condition
(Fig 13) can be explained by the 10% above the cadence used. This may be increased the risk of
falling in these surfaces. However, it has been demonstrated in literature that an appropriate frequency of stimulation can improve gait parameters in PD subjects [44, 73, 82] and then can be
useful in perturbed environment as shown in this study (Figs 13A and 14).
The risk of falling obtained from PD and controls subjects has been divided into six groups
corresponding to the six types of soil. One-way Analysis of Variance (ANOVA) was performed
in order to compare level of stability. The ANOVA results are reported as an F-statistic with its
associated degrees of freedom and p-values. The null hypothesis H0 is that all the means of risk
of falling from the six different types of soil are equals. This analysis of variance leads to the conclusion that there is a significant effect related to the type of soil on the risk of falling in uncued
condition (F (5, 48) = 31.11, p = 5.68 x 10−14 < 0.05, for controls subjects) and (F (5, 66) = 40.25
p < 0.05, for PD subjects) contrary to the cueing condition. Pairwise comparisons using Tukey’s
HSD post-hoc tests showed no significant effect between the three rigid surfaces (Concrete, Carpet living room, and Parquet). However, a significant effect of type of soil was found by comparing concrete and broken stone (p < 0.01); concrete and carpet foam; concrete and sand; parquet
and sand; carpet living room and carpet foam with p < 0.001 in each comparison.
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Fig 14. Risk of falling (mean ± SD) from gait parameters over each type of soil in the vibrotactile condition (seven PD subjects and
eight healthy elderly). Note: # denotes a significant difference between the PD and control subjects and, * denotes a non-significant
difference between the two groups.
doi:10.1371/journal.pone.0162107.g014

No significant difference was found over the sand and carpet living with the t-test performed between the two groups (Fig 13A). This can be explained by the fact that the sand
affects both healthy and PD subjects. Also, these two groups (healthy and PD subjects) pay
more attention when walking over the sand. Thus, the walking test on deformable soils,
Table 2. Mean ± SD of risk of falling over different walking environments.
Conditions

without cueing (%)

with cueing (%)

Healthy elderly

PD subjects

Healthy elderly

Concrete

12.21 ± 0.85

18.25 ± 8.85

23.29 ± 2.72

PD subjects
23.30 ± 4.08

Parquet

16.39 ± 2.63

20.37 ± 5.72

22.56 ± 1.51

25.45 ± 2.27

Carpet living room

15.74 ± 1.35

17.14 ± 11.53

19.42 ± 3.51

20.18 ± 2.90

Broken stone

23.41 ± 5.9

31.89 ± 9.93

25.49 ± 2.89

28.41 ± 3.48

Carpet foam

27.37 ± 9.78

33.04 ± 12.09

23.55 ± 2.08

26.76 ± 3.89

Sand

37.83 ± 4.17

40.57 ± 12.78

29.59 ± 5.60

31.79 ± 8.41

doi:10.1371/journal.pone.0162107.t002
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probably on sand, can represent an excellent model to detect the risk of falling in healthy
elderly (HE) and PD’s subjects. As for the carpet living room, even if we do not have a significant difference between the two groups, the standard deviation is different. This shows an effect
of this type of soil on the walking of PD subjects.
Fig 13B shows the percentage of participants who perceived a risk of falling over each type
of soil in the uncued condition. The sand was the surface on which PD and control subjects
had the most difficulties walking on. A difference more than 40% was found among PD subjects as shown in Fig 13B. This can be explained by the lack of proprioception among the PD
subjects and by the fact that the sand was the soil that produced the most fear of falling in the
two participants groups. However, it was the carpet foam that threatened the most balance during walking (Fig 13B). This could be explained why a non-significant difference was found
between PD and controls subjects in the vibrotactile condition on these two types of soil (Fig
14). Indeed, the difficulties to maintain balance over these types of soil would be affected the
rhythmic walking of certain participants. However, the effort to regulate the participant’s walking pace using vibrotactile stimulation has decreased the risks of falling over these soils
(Table 2). The two-analysis of variance indicated that there was also an interaction effect of
group and condition (with and without cueing) for the risk of falling over one of the rigid surface: concrete (F = 7.155, p = 0.012) and one of the deformable soils: gravel (F = 9.414,
p = 0.004). These results indicated that the groups used the conditions differently. However, it
was not the case of the other types of soil indicating no interaction between the groups and
condition. The risk of falling computed using the TUG test over different types of soil is used
to adjust the risk level for each cluster presented in Fig 9.

Limitations of this study
The limitation of this study is the generalization of finding to a wider population due to small
sample size used. In other words, the limitation of this work is the fact that some participants
did not feel the vibration signals. This is probably due to aging mechanoreceptors or the duration of the Parkinson’s disease. Therefore, the vibrotactile cueing must be improved by increasing amplitude of vibrations for a better feeling and reducing perceptual conflict with the soil
vibration at each heel strike. Thus, our next generation of enactive shoe will employ a new generation of flat voice-coil actuators, able to significantly increase the produced vibration amplitude and frequency waveforms (stimulation of different mechanoreceptors). Given that the fall
is a multi-factorial phenomenon, the other limitations of this study are the combination and
the generalization to all gait measures in a single index. Our next paper which includes several
gait measures using an artificial neural network (ANN) will take this into account. The design
of such an algorithm for more gait features and for all activities is still an undergoing issue.
However, our first evaluation shows encouraging results.

Conclusion and Future Work
This paper has addressed not only the automatic discrimination and differentiation of soils by
their acceleration response (vibration) to a heel strike but also the risk of falling over several
types of soil. Through an analysis of the frequency domain and the computation of a spectral
centroid, we determined an index that helps at differentiating selected types of soil, which is
one of the major factors involved in the risk of falling. This approach has been adopted since it
can be easily implemented on a microcontroller. We found that our suggested enactive insole
could help to reduce the risk of falling using rhythmic vibrotactile cueing while walking over
different types of soil. Finally, the TUG experiment shows that we can successfully associate a
risk level for each type of soil that was tested. Balance control is not only improved by rhythmic
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stimulation but also is moderate over the types of soil. This work should be included in a more
complex strategy for avoiding fall. Therefore, other algorithms such as the k-Nearest Neighbor
(kNN), support vector machine (SVM), principal component analysis and an artificial neural
network are currently under investigation since we are interested in the development of better
on-site assistance for gait disorder analysis and for long term monitoring of persons in loss of
mobility. For example, the enactive insole will need a complementary user-friendly serious
game in order to train balance each day. Moreover, since rhythmic vibrotactile cueing shows a
reduction in the risk of falling, in a near future, further experimentations will be conducted
using other stimulations.

Supporting Information
S1 Fig. The enactive insole used for the men.
(TIF)
S2 Fig. The enactive insole used for the women.
(TIF)

Acknowledgments
The authors would like to thank Rodrigue le Bottier where the shoe was manufactured. We
wish to thank Mr. Jean-Guy Ménard, attached to the Parkinson Society of Saguenay for his
help in recruiting and Pr. Suzy Ngomo for assistance with PD subjects. We are grateful to those
participants of Parkinson Society of Saguenay and others who gave so generously of their time
and helped to make this research possible.

Author Contributions
Conceptualization: MO BM PF JA.
Data curation: MO JA LT.
Formal analysis: MO JA LT.
Funding acquisition: MO.
Investigation: MO JA LT.
Methodology: MO JA LT.
Project administration: MO LT BM.
Resources: MO JA LT.
Software: MO JA.
Supervision: MO BM LT.
Validation: MO JA LT BM.
Visualization: MO JA LT BM.
Writing – original draft: MO BM.
Writing – review & editing: MO JA LT PF BM.

PLOS ONE | DOI:10.1371/journal.pone.0162107 September 7, 2016

22 / 26

Reducing the Risk of Falling on Different Types of Soil Using Vibrotactile Cueing for the Elderly

References
1.

Ganz DA, Bao Y, Shekelle PG, Rubenstein LZ. Will My Patient Fall. American Medical Association.
2007; 297(1):77–86.

2.

Filiatrault J, Parisien M, Laforest S, Genest C, Gauvin L, Fournier M, et al. Implementing a communitybased falls-prevention program: From drawing board to reality. Canadian Journal on Aging. 2007; 26
(3):213–25. doi: 10.3138/cja.26.3.213 PMID: 18238728

3.

Chang JT, Morton SC, Rubenstein LZ, Mojica WA, Maglione M, Suttorp MJ, et al. Interventions for the
prevention of falls in older adults: systematic review and meta-analysis of randomised clinical trials.
BMJ. 2004; 328(7441):680. doi: 10.1136/bmj.328.7441.680 PMID: 15031239

4.

Weiss C, Tamimi H, Zell A, editors. A combination of vision- and vibration-based terrain classification.
Intelligent Robots and Systems, IEEE International Conference on; 2008 Sept.

5.

Collins EG, Coyle EJ, editors. Vibration-based terrain classification using surface profile input frequency responses. Robotics and Automation, IEEE International Conference on; 2008 May.

6.

Kisung K, Kwangjin K, Wansoo K, SeungNam Y, Changsoo H, editors. Performance comparison
between neural network and SVM for terrain classification of legged robot. SICE Annual Conference,;
2010.

7.

Larson AC, Voyles RM, Jaewook B, Godzdanker R, editors. Evolving gaits for increased discriminability
in terrain classification. Intelligent Robots and Systems, IEEE International Conference on; 2007.

8.

Hoepflinger MA, Remy CD, Hutter M, Spinello L, Siegwart R, editors. Haptic terrain classification for
legged robots. Robotics and Automation (ICRA), IEEE International Conference on; 2010 May.

9.

Yuwono M, Moulton BD, Su SW, Celler BG, Nguyen HT. Unsupervised machine-learning method for
improving the performance of ambulatory fall-detection systems. BioMedical Engineering OnLine.
2012; 11(1):1–11. doi: 10.1186/1475-925x-11-9

10.

Hamacher D, Singh NB, Van Dieën JH, Heller MO, Taylor WR. Kinematic measures for assessing gait
stability in elderly individuals: a systematic review. J R Soc Interface. Dec 2011 8(65):1682–98. doi: 10.
1098/rsif.2011.0416 PMID: 21880615

11.

Noshadi H, Ahmadian S, Hagopian H, Woodbridge J, Dabiri F, Amini N, et al. Hermes: Mobile balance
and instability assessment system. In Conference on Bio-inpsired Systems and Signal, BIOSIGNALS,.
2010 Jan:264–70.

12.

Menant JC, Steele JR, Menz HB, Munro BJ, Lord SR. Effects of walking surfaces and footwear on temporo-spatial gait parameters in young and older people. Gait & Posture. 2009; 29(3):392–7. http://dx.
doi.org/10.1016/j.gaitpost.2008.10.057.

13.

Cappellini G, Ivanenko Y, Dominici N, Poppele R, Lacquaniti F. Motor patterns during walking on a slippery walkway. J Neurophysiol. 2010 Feb; 103(2):746–60. doi: 10.1152/jn.00499.2009 PMID:
19955283

14.

Bhatt T, Pai YC. Generalization of Gait Adaptation for Fall Prevention: From Moveable Platform to Slippery Floor. Journal of Neurophysiology. 2009; 101(2):948–57. doi: 10.1152/jn.91004.2008.
PMC2657073. PMID: 19073804

15.

Marigold DS, Patla AE. Adapting locomotion to different surface compliances: neuromuscular
responses and changes in movement dynamics. J of neurophysiology. 2005 Sept; 94(3):1733–50.
PMID: 15888535

16.

Gates DH, Wilken JM, Scott SJ, Sinitski EH, Dingwell JB. Kinematic Strategies for Walking Across a
Destabilizing Rock Surface. Gait & posture. 2012; 35(1):36–42. doi: 10.1016/j.gaitpost.2011.08.001.
PMC3262902.

17.

Gottschall J, Okorokov D, Okita N, Stern K. Walking strategies during the transition between level and
hill surfaces. J Appl Biomech. 2011 Nov; 27(4):355–61. PMID: 21896948

18.

Davis PR. Human factors contributing to slips, trips and falls. Ergonomics. 1983 Jan; 26(1):51–9. doi:
10.1080/00140138308963312 PMID: 6832133

19.

Cohen HH, Cohen DM. Psychophysical assessment of the perceived slipperiness of floor tile surfaces
in a laboratory setting. Journal of Safety Research. 1994; 25(1):19–26. http://dx.doi.org/10.1016/00224375(94)90004-3.

20.

Kobayashi Y, Osaka R, Hara T, Fujimoto H. How Accurately People can Discriminate the Differences
of Floor Materials With Various Elasticities. Neural Systems and Rehabilitation Engineering, IEEE
Transactions on. 2008; 16(1):99–105. doi: 10.1109/TNSRE.2007.910283

21.

Bensmaïa SJ, Hollins M. The vibrations of texture. Somatosensory & motor research. 2003; 20(1):33–
43. doi: 10.1080/0899022031000083825. PMC2074877.

22.

Bergmann Tiest WM. Tactual perception of material properties. Vision Research. 2010; 50(24):2775–
82. http://dx.doi.org/10.1016/j.visres.2010.10.005. doi: 10.1016/j.visres.2010.10.005 PMID: 20937297

PLOS ONE | DOI:10.1371/journal.pone.0162107 September 7, 2016

23 / 26

Reducing the Risk of Falling on Different Types of Soil Using Vibrotactile Cueing for the Elderly

23.

Lord SR, Smith ST, Menant JC. Vision and Falls in Older People: Risk Factors and Intervention Strategies. Clinics in Geriatric Medicine. 2010; 26(4):569–81. http://dx.doi.org/10.1016/j.cger.2010.06.002.
doi: 10.1016/j.cger.2010.06.002 PMID: 20934611

24.

Pawlak-Osinska K, Kamierczak H, Kamierczak W. Postural Reflexes in Conditions of Visual Disturbance. Česká a slovenská neurologie a neurochirurgie. 2011; 74(6):669–74.

25.

Muir SW, Berg K, Chesworth B, Speechley M. Use of the Berg Balance Scale for predicting multiple
falls in community-dwelling elderly people: a prospective study. Phys Ther. Apr 2008 88(4):449–59.
doi: 10.2522/ptj.20070251 PMID: 18218822

26.

Tinetti ME. Performance-Oriented Assessment of Mobility Problems in Elderly Patients. Journal of the
American Geriatrics Society. 1986; 34(2):119–26. doi: 10.1111/j.1532-5415.1986.tb05480.x PMID:
3944402

27.

Podsiadlo D, Richardson S. The timed “up and go”: a test of basic functional mobility for frail elderly persons. J Am Geriatr Soc. 1991; 39: 142–8. PMID: 1991946

28.

Thrane G, Joakimsen R, Thornquist E. The association between timed up and go test and history of
falls: The Tromso study. BMC Geriatrics. Jan 2007 7(1):1–7. doi: 10.1186/1471-2318-7-1

29.

Cris Z, Arash S, Patricia C-K, John G, Fay BH. Assessing mobility at home in people with early Parkinson’s disease using an instrumented Timed Up and Go test. Parkinsonism Relat Disord. 2011; 17
(4):277–80. doi: 10.1016/j.parkreldis.2010.08.001 PMID: 20801706

30.

Milosevic M, Jovanov E, Milenkovic A, editors. Quantifying Timed-Up-and-Go test: A smartphone
implementation. Body Sensor Networks (BSN), IEEE International Conference on; 2013.

31.

Zampieri C, Salarian A, Carlson-Kuhta P, Aminian K, Nutt JG, Horak FB. The instrumented timed up
and go test: potential outcome measure for disease modifying therapies in Parkinson's disease. J Neurol Neurosurg Psychiatry. 2010 Feb; 81(2):171–6. doi: 10.1136/jnnp.2009.173740 PMID: 19726406

32.

Mak MK, Pang MY. Balance confidence and functional mobility are independently associated with falls
in people with Parkinson’s disease. Journal of neurology. 2009; 256(5):742–9. doi: 10.1007/s00415009-5007-8 PMID: 19240961

33.

Brassard S, Otis MJ-D, Poirier A, Menelas B-AJ. Towards an automatic version of the Berg balance
scale test through a serious game. Proceedings of the Second ACM Workshop on Mobile Systems,
Applications, and Services for HealthCare. Toronto, Ontario, Canada: ACM; 2012. p. 1–6.

34.

Magaa M, Velazquez R, editors. On-shoe tactile display. Haptic Audio visual Environments and
Games, IEEE International Workshop on; 2008 Oct.

35.

Bamberg SJM, Benbasat AY, Scarborough DM, Krebs DE, Paradiso JA. Gait Analysis Using a ShoeIntegrated Wireless Sensor System. Information Technology in Biomedicine, IEEE Transactions on.
2008; 12(4):413–23. doi: 10.1109/TITB.2007.899493

36.

Milosevic M, Jovanov E, Milenkovic A, editors. Quantifying Timed-Up-and-Go test: A smartphone
implementation. Body Sensor Networks (BSN), 2013 IEEE International Conference on; 2013 6–9 May
2013.

37.

Menelas B-AJ, Otis MJD. A Serious Game for Training Balance Control over Different Types of Soil. In:
Ma M, Oliveira M, Hauge J, Duin H, Thoben K-D, editors. Serious Games Development and Applications. Lecture Notes in Computer Science. 7528: Springer Berlin Heidelberg; 2012. p. 31–42.

38.

Visell Y, Cooperstock JR, editors. Design of a vibrotactile display via a rigid surface. Haptics Symposium, IEEE; 2010 March.

39.

Paradiso JA, Morris SJ, Benbasat AY, Asmussen E. Interactive therapy with instrumented footwear.
CHI '04 Extended Abstracts on Human Factors in Computing Systems; Vienna, Austria. 986059:
ACM; 2004. p. 1341–3.

40.

Kim JH, Hong HS. Dance training method and system using sensor-equipped shoes and portable wireless terminal. Google Patents; 2007.

41.

Shieh JS, Jiang BC, Wang KH, Yang WH. Fall-risk Evaluation and Balance Stability Enhancement System and method. Google Patents; 2011.

42.

Rocha PA, Porfírio GM, Ferraz HB, Trevisani VFM. Effects of external cues on gait parameters of Parkinson's disease patients: A systematic review. Clinical Neurology and Neurosurgery. Sept 2014;
124:127–34. http://dx.doi.org/10.1016/j.clineuro.2014.06.026. doi: 10.1016/j.clineuro.2014.06.026
PMID: 25043443

43.

Basta D, Rossi-Izquierdo M, Soto-Varela A, Greters ME, Bittar RS, Steinhagen-Thiessen E, et al. Efficacy of a vibrotactile neurofeedback training in stance and gait conditions for the treatment of balance
deficits: a double-blind, placebo-controlled multicenter study. Otol Neurotol. 2011 Dec; 32(9):1492–9.
PMID: 22089958

PLOS ONE | DOI:10.1371/journal.pone.0162107 September 7, 2016

24 / 26

Reducing the Risk of Falling on Different Types of Soil Using Vibrotactile Cueing for the Elderly

44.

Galica AM, Kang HG, Priplata AA, D'Andrea SE, Starobinets OV, Sorond FA, et al. Subsensory vibrations to the feet reduce gait variability in elderly fallers. Gait Posture. 2009 Oct; 30(3):383–7. doi: 10.
1016/j.gaitpost.2009.07.005 PMID: 19632845

45.

Yang WC, Chen HB, Hsu WL, Lin KH. Motion analysis of real-time somatosensory cue on freezing of
gait during turning in people with Parkinson's disease. Physiotherapy. May 2015; 101, Supplement 1:
e880. http://dx.doi.org/10.1016/j.physio.2015.03.1711.

46.

Yu M, Piao Y-J, Eun H-i, Kim D-W, Ryu M-h, Kim N-G. Development of Abnormal Gait Detection and
Vibratory Stimulation System on Lower Limbs to Improve Gait Stability. J Med Syst. 2010; 34(5):787–
97. doi: 10.1007/s10916-009-9293-6 PMID: 20703630

47.

Dibenedetto C, Oleson M. Intelligent footwear systems. Google Patents; 2007.

48.

Seeman T, Pasternak S. Variable surface sole for bowling and other shoes. Google Patents; 2007.

49.

Lévesque V. Blindness, technology and haptics. Center for Intelligent Machines. 2005:19–21.

50.

Chan A, MacLean K, McGrenere J, editors. Learning and identifying haptic icons under workload. Eurohaptics Conference, 2005 and Symposium on Haptic Interfaces for Virtual Environment and Teleoperator Systems, 2005 World Haptics 2005 First Joint; 2005: IEEE.

51.

Priplata A, Niemi J, Salen M, Harry J, Lipsitz L, Collins J. Noise-Enhanced Human Balance Control.
Physical Review Letters. 2002; 89(23). doi: 10.1103/PhysRevLett.89.238101

52.

Priplata AA, Niemi JB, Harry JD, Lipsitz LA, Collins JJ. Vibrating insoles and balance control in elderly
people. The Lancet. 2003; 362(9390):1123–4. http://dx.doi.org/10.1016/S0140-6736(03)14470-4.

53.

Sanabria-Hernandez L. Stimulus training system and apparatus to effectuate therapeutic treatment.
Google Patents; 2008.

54.

Dozza M, Chiari L, Horak FB, editors. A portable audio-biofeedback system to improve postural control.
Engineering in Medicine and Biology Society, 26th Annual International Conference of the IEEE; Sept
2004.

55.

Janssen M, Stokroos R, Aarts J, van Lummel R, Kingma H. Salient and placebo vibrotactile feedback
are equally effective in reducing sway in bilateral vestibular loss patients. Gait & Posture. 2010; 31
(2):213–7. http://dx.doi.org/10.1016/j.gaitpost.2009.10.008.

56.

Parsons J, Mathieson S, Jull A, Parsons M. Does vibration training reduce the fall risk profile of frail
older people admitted to a rehabilitation facility? A randomised controlled trial. Disability and rehabilitation. 2015:1–7.

57.

Boulos MNK, Wheeler S, Tavares C, Jones R. How smartphones are changing the face of mobile and
participatory healthcare: an overview, with example from eCAALYX. BioMedical Engineering OnLine.
2011; 10:24-. doi: 10.1186/1475-925X-10-24. PMC3080339. PMID: 21466669

58.

Kyriacou E, Pavlopoulos S, Berler A, Neophytou M, Bourka A, Georgoulas A, et al. Multi-purpose
HealthCare Telemedicine Systems with mobile communication link support. BioMedical Engineering
OnLine. 2003; 2:7-. doi: 10.1186/1475-925X-2-7. PMC153497. PMID: 12694629

59.

Brooks CA, Iagnemma K. Vibration-based terrain classification for planetary exploration rovers. Robotics, IEEE Transactions on,. 2005; 21(6):1185–91. doi: 10.1109/TRO.2005.855994

60.

Otis MJD, Menelas BJ, editors. Toward an augmented shoe for preventing falls related to physical conditions of the soil. Systems, Man, and Cybernetics (SMC), IEEE International Conference on; 2012 Oct.

61.

McIntosh GC, Brown SH, Rice RR, Thaut MH. Rhythmic auditory-motor facilitation of gait patterns in
patients with Parkinson's disease. Journal of Neurology, Neurosurgery & Psychiatry. 1997; 62(1):22–6.

62.

Suteerawattananon M, Morris G, Etnyre B, Jankovic J, Protas E. Effects of visual and auditory cues on
gait in individuals with Parkinson's disease. Journal of the neurological sciences. 2004; 219(1):63–9.

63.

Howe TE, Lövgreen B, Cody F, Ashton V, Oldham J. Auditory cues can modify the gait of persons with
early-stage Parkinson's disease: a method for enhancing parkinsonian walking performance? Clinical
Rehabilitation. 2003; 17(4):363–7. PMID: 12785243

64.

Willems A-M, Nieuwboer A, Chavret F, Desloovere K, Dom R, Rochester L, et al. The use of rhythmic
auditory cues to influence gait in patients with Parkinson's disease, the differential effect for freezers
and non-freezers, an explorative study. Disability and rehabilitation. 2006; 28(11):721–8. PMID:
16809215

65.

Thaut M, McIntosh G, Rice R, Miller R, Rathbun J, Brault J. Rhythmic auditory stimulation in gait training
for Parkinson's disease patients. Movement disorders. 1996; 11(2):193–200. PMID: 8684391

66.

Arias P, Cudeiro J. Effects of rhythmic sensory stimulation (auditory, visual) on gait in Parkinson’s disease patients. Experimental Brain Research. 2008; 186(4):589–601. doi: 10.1007/s00221-007-1263-y
PMID: 18214453

PLOS ONE | DOI:10.1371/journal.pone.0162107 September 7, 2016

25 / 26

Reducing the Risk of Falling on Different Types of Soil Using Vibrotactile Cueing for the Elderly

67.

Moreau C, Defebvre L, Bleuse S, Blatt J, Duhamel A, Bloem B, et al. Externally provoked freezing of
gait in open runways in advanced Parkinson’s disease results from motor and mental collapse. Journal
of neural transmission. 2008; 115(10):1431–6. doi: 10.1007/s00702-008-0099-3 PMID: 18726136

68.

Weiss C, Frohlich H, Zell A, editors. Vibration-based Terrain Classification Using Support Vector
Machines. Intelligent Robots and Systems, IEEE International Conference on; 2006 Oct.

69.

Gyllensten IC, Bonomi AG. Identifying Types of Physical Activity With a Single Accelerometer: Evaluating Laboratory-trained Algorithms in Daily Life. Biomedical Engineering, IEEE Transactions on. 2011;
58(9):2656–63. doi: 10.1109/TBME.2011.2160723

70.

Weiss A, Herman T, Plotnik M, Brozgol M, Maidan I, Giladi N, et al. Can an accelerometer enhance the
utility of the Timed Up & Go Test when evaluating patients with Parkinson's disease? Medical engineering & physics. 2010; 32(2):119–25.

71.

Lewis GN, Byblow WD, Walt SE. Stride length regulation in Parkinson's disease: the use of extrinsic,
visual cues. Brain. 2000 Oct; 123 (Pt 10):2077–90. PMID: 11004125

72.

Lohnes CA, Earhart GM. The impact of attentional, auditory, and combined cues on walking during single and cognitive dual tasks in Parkinson disease. Gait & Posture. March 2011; 33(3):478–83. http://dx.
doi.org/10.1016/j.gaitpost.2010.12.029.

73.

Jenkins ME, Almeida QJ, Spaulding SJ, van Oostveen RB, Holmes JD, Johnson AM, et al. Plantar
cutaneous sensory stimulation improves single-limb support time, and EMG activation patterns among
individuals with Parkinson's disease. Parkinsonism & Related Disorders. 2009 May; 15(9):697–702.
http://dx.doi.org/10.1016/j.parkreldis.2009.04.004.

74.

Arias P, Cudeiro J. Effect of Rhythmic Auditory Stimulation on Gait in Parkinsonian Patients with and
without Freezing of Gait. PLoS ONE. 2010; 5(3):e9675. doi: 10.1371/journal.pone.0009675 PMID:
20339591

75.

Ayub S, Zhou X, Honary S, Bahraminasab A, Honary B. Sensor Placement Modes for Smartphone
Based Pedestrian Dead Reckoning. In: He X, Hua E, Lin Y, Liu X, editors. Computer, Informatics,
Cybernetics and Applications. Lecture Notes in Electrical Engineering. 107: Springer Netherlands;
2012. p. 123–32.

76.

Kim J, Jang H, Hwang D, Park C. A Step, Stride and Heading Determination for the Pedestrian Navigation System. Journal of Global Positioning Systems. 2004; 3(1–2):273–9.

77.

Lewis GN, Byblow WD, Walt SE. Stride length regulation in Parkinson's disease: the use of extrinsic,
visual cues. Brain. 2000; 123(10):2077–90. doi: 10.1093/brain/123.10.2077

78.

Gabell A, Nayak U. The effect of age on variability in gait. J Gerontol. Nov 1984 39(6):662–6.

79.

Azizah G. Characterisitcs of bait and walking effects of a sensory change information on programming
and implementation of first step in seniors fallers, nonfallers and youth adults [Ph.D.]. National Library
of Canada: Laval University; 2001 August.

80.

Noshadi H, Ahmadian S, Hagopian H, Woodbridge J, Dabiri F, Amini N, et al. Hermes: Mobile balance
and instability assessment system. In Conference on Bio-inpsired Systems and Signal, BIOSIGNALS.
Jan 2010:264–70.

81.

Kang HG, Galica AM, Priplata AA, Starobinets OV, D’Andrea SE, Collins JJ, et al., editors. Gait Variability Is Reduced by Sub-threshold Vibrations to The Feet. North American Congress on Biomechanics;
2008.

82.

Frazzitta G, Maestri R, Uccellini D, Bertotti G, Abelli P. Rehabilitation treatment of gait in patients with
Parkinson's disease with freezing: a comparison between two physical therapy protocols using visual
and auditory cues with or without treadmill training. Mov Disord. 2009 Jun 15; 24(8):1139–43. doi: 10.
1002/mds.22491 PMID: 19370729

PLOS ONE | DOI:10.1371/journal.pone.0162107 September 7, 2016

26 / 26

